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	Table S1 
Preregistration deviations table 

	Deviations 

	# 
	Details
	Original Wording
	Deviation Description
	Reader Impact

	1
	Type 
	​​Variables​ 
	The measures identified in our pre-registration were as follows:

“Resilience will be characterized as the factor derived from measures of coping, emotion regulation, and social support. “
	We had included disability identity and general resilience measures as part of resilience in our data measures spreadsheet; however, we did not explicitly list it in the pre-registration. This was oversight. We have chosen to include these measures in the manuscript based on theory and available data.
	This deviation expands the scope of resilience in the present manuscript.

	
	Reasoning 
	​​Other (Please Explain)​ 
	
	
	

	
	Timing 
	​​Before data access​ 
	
	
	

	2
	Type 
	Variables 
	“All indicators will be re-scaled (to a 0-10 scale) before model estimation.”
	Although the preregistration specified rescaling indicators to a 0–10 metric prior to analysis, analyses were conducted using raw-scale scores because rescaling would not affect correlations or factor analytic results and retaining original metrics aided interpretability. Standardizing was performed for regression models to ease interpretability.
	Value interpretation on measures is more consistent with what appears elsewhere in the literature by keeping raw scores instead of rescaling or normalizing.

	
	Reasoning 
	New Knowledge 
	
	
	

	
	Timing 
	​​After data access​ 
	
	
	

	3
	Reasoning 
	New Knowledge 
	
“All indicators will be re-scaled (to a 0-10 scale) before model estimation.”
Plan was SEM analyses to model relationships among resiliency factors

	Although the preregistration specified rescaling indicators to a 0–10 metric prior to analysis, analyses were conducted using raw-scale scores because rescaling would not affect correlations or factor analytic results and retaining original metrics aided interpretability.
During CFA for latent variables, it became clear that very few constructs would model into latent variables. Therefore, instead of modeling latent variable regressions in SEM, variables were saved to use as predictors and dependent variables in linear regression for robustness.
	Value interpretation on measures is more consistent with what appears elsewhere in the literature by keeping raw scores instead of rescaling or normalizing.
Eased interpretation with simpler modeling.

	
	Timing 
	​​After data access​ 
	
	
	

	
	Type 
	Analysis 
	
	
	

	Unregistered Steps

	#
	Details
	Original Wording
	Deviation Description
	Reader Impact

	1
	Reason 
	​​New knowledge​ 
	Plan was SEM analyses to model relationships among resiliency factors

	During CFA for latent variables, it became clear that very few constructs would model into latent variables. Therefore, instead of modeling latent variable regressions in SEM, variables were saved to use as predictors and dependent variables in linear regression for robustness.
	Eased interpretation with simpler modeling.

	
	Timing 
	​​After data access​ 
	
	
	

	2
	Timing 
	​​After data access​ 
	“In Step 1, individual-level predictors were entered, including affective experience (positive and negative high- and low-arousal affect), emotion regulation, coping strategies (self-distraction, substance use, disengagement, venting, positive reframing, planning, humor, acceptance, religion, and self-blame), and disability identity (self-worth, personal meaning, and total disability identity). Complete regression results for individual level predictors are presented in Table S2 in supplemental materials. In Step 2, social factors (perceived social support, satisfaction with social roles, and ability to participate in social roles were added. The addition of social factors significantly improved model fit, ΔF (4, 512) = 19.19, p < .001, accounting for additional variance in resilience beyond individual-level predictors. Regression results for this full model are presented in Table 3.”
	We had originally anticipated modeling regression paths in an SEM framework and therefore had not identified the hierarchical approach with individual and social predictors We chose this approach to identify the change in variance explained by adding social factors.



	
	
	




	
	
	



	Table S2 
Hierarchical regression model predicting resilience including positive illness impact (individual predictors only) 

	Predictor 
	β
	SE
	p
	95% Confidence Intervals

	Affect 

	Low Arousal Positive Affect 
	.153  
	.043  
	<.001  
	[0.07, 0.24]

	High Arousal Positive Affect 
	.134  
	.035  
	<.001  
	[0.06, 0.20]

	Low Arousal Negative Affect 
	-.117  
	.041  
	.004  
	[-0.20, -0.04]

	High Arousal Negative Affect 
	-.036  
	.045  
	.427  
	[-0.12, 0.05]

	Emotion Regulation 
	-.281  
	.040  
	<.001  
	[-0.36, -0.20]

	Coping Strategies  

	Self-Distraction 
	.037  
	.031  
	.235  
	[-0.02, 0.10]

	Substance Use 
	.050  
	.028  
	.073  
	[-0.00, 0.11]

	Behavioral Disengagement 
	-.021  
	.034  
	.533  
	[-0.09, 0.05]

	Venting 
	-.043  
	.032  
	.180  
	[-0.11, 0.02]

	Positive Reframing 
	.121  
	.035  
	<.001  
	[0.05, 0.19]

	Planning 
	.093  
	.033  
	.005  
	[0.03, 0.16]

	Humor 
	.086  
	.029  
	.004  
	[0.03, 0.14]

	Acceptance 
	.129  
	.031  
	<.001  
	[0.07, 0.19]

	Religious Coping 
	-.015  
	.030  
	.614  
	[-0.07, 0.04]

	Self-Blame 
	.012  
	.038  
	.749  
	[-0.06, 0.09]

	Disability  

	PDI Self-Worth 
	.154  
	.036  
	<.001  
	[0.08, 0.22]

	PDI Personal Meaning
	.064  
	.032  
	.043  
	[0.00, 0.13]

	Disability Identity (DIDS)
	.047  
	.030  
	.120  
	[-0.01, 0.11]

	Model Fit  
	R² 
	Adjusted R² 
	F 

	Model 1 
	.637 
	.625 
	50.27*** 

	Note.  β = standardized regression coefficient; SE = standard error. *p < .05, **p < .01, ***p < .001. The criterion variable (resilience) and emotion regulation difficulties were modeled as latent factors; all predictor variables were modeled as observed scores. Affect was assessed using the Circumplex. Emotion regulation was measured with the Difficulties in Emotion Regulation Scale–16 (DERS-16). Coping strategies were assessed with the Brief COPE. Disability self-worth and personal meaning were measured using the Personal Disability Identity scale, and disability identity was assessed with the Disability Identity Development Scale (DIDS). The hierarchical regression Model 1 demonstrated excellent fit, explaining 63.7% of the variance in resilience, R² = .637, adjusted R² = .625, F (18, 515) = 50.27, p < .001.  




Explanation of alternative modeling approaches
Our original conceptualization based on theory and literature included the PROMIS psychosocial impact on illness measure as a social predictor. As reported and described in the main manuscript, additional conceptual review and analysis of bivariate correlations suggested that this measure better coheres with resilience. However, correlations were also high across individual factors. Therefore, our main models include this variable as part of our criterion variable, the latent resilience factor. For additional robustness, we also performed exploratory analyses reported here to determine whether modeling Positive Psychosocial Impact of Illness (PROMIS) as an individual predictor rather than as part of the latent resilience factor increased variance explained. Note that across these additional models, multicollinearity diagnostics indicated acceptable independence among predictors (all VIFs < 3).
While R² was slightly higher when the PROMIS positive psychosocial impact of illness variable was modeled as an individual predictor, including it as part of the resilience latent factor provides a conceptually coherent representation of individual adaptive processes, incorporating both general resilience and illness-specific meaning-making. The observed reduction in R² reflects the decomposition of variance into shared versus unique components rather than poorer model fit, which is why we prioritized the CFA including this measure as part of resilience in the main manuscript. 
For the following models, a CFA was conducted to model a latent resilience factor using the CD-RISC subscales (flexibility, self-efficacy, optimism, cognitive focus, emotion regulation) and the UWRS total score. The model demonstrated excellent fit, with a Comparative Fit Index of 0.991, a Root Mean Square Error of Approximation of 0.062 (90% CI: 0.036–0.089), and a Standardized Root Mean Square Residual of 0.016. All indicators loaded strongly on the latent factor (standardized loadings = 0.661–0.889). These results support the use of CD-RISC and UWRS scores to represent a single latent resilience construct in subsequent models where positive psychosocial impact was included as an observed, individual-level predictor.
[bookmark: OLE_LINK7]Psychosocial Adaptation to Illness as an Individual Factor Predictor
Step 1, individual-level predictors were entered, including affective experience (positive and negative high- and low-arousal affect), emotion regulation, coping strategies (self-distraction, substance use, disengagement, venting, positive reframing, planning, humor, acceptance, religion, and self-blame), disability identity (self-worth, personal meaning, and total disability identity), and the PROMIS positive psychosocial impact of illness measure (see results for this model in Table S3). In Step 2, social factors (perceived social support, satisfaction with social roles, and ability to participate in social roles) were added. In contrast to the primary model reported in the main manuscript, the inclusion of social factors in this alternative specification significantly improved model fit, ΔR² = .077, F(3, 511) = 34.32, p < .001, indicating that when positive psychosocial impact of illness is modeled as an individual-level predictor rather than as part of the latent resilience outcome, social factors do account for additional variance in resilience beyond individual-level predictors (Table S3).
In the full model, PROMIS positive psychosocial impact emerged as the strongest predictor of resilience (β = .46, p < .001). Positive affect was also independently associated with higher resilience, including low-arousal positive affect (β = .10, p = .007) and high-arousal positive affect (β = .08, p = .013), whereas negative affect (both low- and high-arousal) was not significantly related to resilience. Greater difficulties in emotion regulation predicted lower resilience (β = −.24, p < .001). Several adaptive coping strategies were significantly associated with higher resilience with small effect sizes, including positive reframing (β = .08, p = .019), planning (β = .07, p = .017), humor (β = .08, p = .001), and acceptance (β = .10, p < .001). Among social functioning variables, the ability to participate in social roles was positively associated with resilience (β = .08, p = .049), whereas perceived social support and satisfaction with social roles were not significant. Disability identity variables (self-worth, personal meaning, and total disability identity) were not significantly associated with resilience in the full model.
Overall, when positive psychosocial impact is conceptualized as an individual-level predictor rather than as part of resilience, resilience appears most strongly associated with perceived positive life impact of illness alongside emotion regulation capacities, adaptive coping strategies, and positive affect. Social-contextual variables contributed minimally once these factors were accounted for, and disability identity was not independently associated with resilience in this model.
	Table S3 
Additional hierarchical regression model including social functioning variables predicting resilience 

	Predictor
	β
	SE
	p
	95% Confidence Intervals

	Affect 

	Low Arousal Positive Affect 
	0.10 
	0.038 
	.007 
	[0.03, 0.18]

	High Arousal Positive Affect 
	0.08 
	0.032 
	.013 
	[0.02, 0.14]

	Low Arousal Negative Affect 
	-0.04 
	0.037 
	.346 
	[-0.11, 0.04]

	High Arousal Negative Affect 
	-0.02 
	0.040 
	.570 
	[-0.10, 0.06]

	Emotion Regulation 
	-0.24 
	0.036 
	< .001 
	[-0.31, -0.17]

	Coping Strategies  

	Self-Distraction 
	0.04
	0.028 
	.163 
	[-0.02, 0.09]

	Substance Use 
	0.04
	0.025 
	.126 
	[-0.01, 0.09]

	Behavioral Disengagement 
	-0.03
	0.031 
	.388 
	[-0.09, 0.03]

	Venting 
	-0.02
	0.029 
	.493 
	[-0.08, 0.04]

	Positive Reframing 
	0.08
	0.032 
	.019 
	[0.01, 0.14]

	Planning 
	0.07
	0.030 
	.017 
	[0.01, 0.13]

	Humor 
	0.08
	0.026 
	.001 
	[0.03, 0.14]

	Acceptance 
	0.10
	0.028 
	.001 
	[0.04, 0.15]

	Religious Coping 
	-0.03
	0.027 
	.234 
	[-0.08, 0.02]

	Self-Blame 
	0.03
	0.034 
	.381 
	[-0.04, 0.10]

	Disability  

	Disability Self Worth 
	0.00 
	0.039 
	.933 
	[-0.07, 0.08]

	Disability Meaning 
	-0.00 
	0.029 
	.967 
	[-0.06, 0.06]

	Disability Identity  
	0.03 
	0.027 
	.269 
	[-0.02, 0.08]

	Positive Illness Impact
	0.46 
	0.040 
	< .001 
	[0.38, 0.54]

	Social Variables 

	Perceived Social Support 
	-0.04 
	0.028 
	.207 
	[-0.09, 0.02]

	Social Role Satisfaction 
	-0.05 
	0.041 
	.239 
	[-0.13, 0.03]

	Social Role Participation 
	0.08 
	0.041 
	.049 
	[0.00, 0.161]

	Model Fit 
	R² 
	Adjusted R² 
	ΔR² 

	Model 1 
	0.637 
	0.625 
	— 

	Model 2 
	0.714 
	0.702 
	      0.077*** 

	[bookmark: _Int_C3SzX2eu]Note. β = standardized regression coefficient; SE = standard error. *p < .05, ** p < .01, *** p < .001. Affect was assessed using the Circumplex; Emotion regulation was measured with the Difficulties in Emotion Regulation Scale–16 (DERS-16). Coping strategies were assessed with the Brief COPE. Disability self-worth and personal meaning were measured using the Personal Disability Identity scale, and disability identity was assessed with the Disability Identity Development Scale (DIDS). Perceived social support with the MSPSS and social role satisfaction and participation were measured with the Neuro-QoL, positive illness impact with PROMIS. Adding social functioning variables resulted in a significant increase in explained variance, ΔR² = .077, F (3, 511) = 34.32, p < .001, indicating that the extended model provided a substantially better fit than the original model. 



	
	
	



