Supplementary Materials
The supplemental materials provide an extended methods and result section. Additional materials include details about exclusion criteria, additional demographics as well as an example set of facts from the Prehistoric Animal category (Table S1) and a table of education levels by age (Table S2). Supplementary results, includes an extended description of results as well as additional survival analyses to test the robustness of our main findings (Tables S4 – S8). Additionally, we replicated the results from the survival analysis with hierarchical clustering and mixed-effects models. 

Supplementary Methods
Additional Demographics.
Table S1 shows the distribution of gender, education levels and ethnicity for different age groups. For ease of comprehension, “some secondary education”, “GCSE (school until 16 years), and “A-levels (school until 18 years)” were combined into “school education”. Differences between the distribution of the three education levels between the different age groups were not significant, X2 (6, 395) = 8.60, p = .198. As most people in their teens and many in their twenties have not finished their education, only the age groups from 31 and older were included in the analysis. 
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Table S1  
Distribution of gender, highest education levels and ethnicity for different age groups	
	Age group
	n
	Gender
	
	Highest education levels

	
	Ethnicity

	
	
	Female
	Male
	Other
	Not stated
	
	School education
	Undergraduate university degree
	Postgraduate university degree
	Not stated
	
	Asian 
	Black 
	White
	Mixed / Other
	Not stated

	12 – 17
	96
	51.04%
	45.83%
	2.08%
	1.04%
	
	0.00%
	0.00%
	0.00%
	100.00%
	
	9.38%
	5.21%
	80.21%
	0.00%
	2.08%

	18 - 20
	64
	64.06%
	32.81%
	0.00%
	3.12%
	
	76.56%
	20.31%
	0.00%
	3.12%
	
	9.38%
	1.56%
	82.81%
	0.00%
	3.12%

	21 – 30
	149
	54.36%
	43.62%
	0.67%
	1.34%
	
	30.41%
	44.59%
	23.65%
	1.35%
	
	5.41%
	2.03%
	79.73%
	10.81%
	2.03%

	31 – 40
	84
	53.57%
	35.71%
	2.38%
	8.33%
	
	17.86%
	39.29%
	38.10%
	4.76%
	
	9.52%
	5.95%
	71.43%
	7.14%
	5.95%

	41 – 50
	76
	64.47%
	34.21%
	0.00%
	1.32%
	
	19.74%
	34.21%
	46.05%
	0.00%
	
	7.89%
	0.00%
	78.95%
	13.16%
	0.00%

	51 – 60
	19
	31.58%
	68.42%
	0.00%
	0.00%
	
	42.11%
	26.32%
	31.58%
	0.00%
	
	5.26%
	0.00%
	94.74%
	0.00%
	0.00%

	61 - 78
	10
	30.00%
	70.00%
	0.00%
	0.00%
	
	20.00%
	60.00%
	20.00%
	0.00%
	
	10.00%
	0.00%
	90.00%
	0.00%
	0.00%





Table S2
Example stimuli used for Titanoboa, a prehistoric snake
	Teaser: And now you will learn about…
	Fact

	How Titanoboa likely died out
	Researchers do not know for certain how Titanoboa died out but theories state that declining global temperatures might have made it impossible for a snake this size to survive. Habitat change could also be a possible explanation.

	Titanoboa's diet
	While at first scientists mused that its diet consisted of birds, now it is suspected that it ate mostly fish. The fossil found was just digesting a crocodile of its time.

	Where it spent most of its life
	In a similar feat as the 100-foot-blue whale, scientists suspect the Titanoboa simulated the weightlessness of the sea, and likely spent the majority of its time in the water. This would have also helped against the heat.

	Why Titanoboa would have had trouble hunting you down in your home
	The snake's body was so thick that it would not have fit through the doorway. It had roughly the size of an advertising pillar.

	Titanoboa's discovery
	The first fossils come from a coal mine named Cerrejon and were discovered in 2009. This is also where it has its scientific name from: Titanoboa cerrejonensis.

	Who shared its habitat
	Titanoboa was likely to have come across crocodiles and giant turtles during its lifetime.

	Where Titanoboa roamed
	Titanoboa is supposed to have lived in the northern parts of South America.

	What its find could tell the researchers about the environment
	Snakes are ectothermic. A snake of Titanoboa's size would need a much warmer climate than researcher's originally suspected the earth to have. It is now thought that the climate where Titanoboa lived averaged around 32 degrees.

	When Titanoboa lived
	The fossils found date back to around 58 to 60 million years ago. This was the period after the dinosaurs became extinct.

	Titanoboa's size
	Titanoboa was the biggest snake that ever lived. The largest individual found had a total length of 12.8 meters and weight about 2,500 lb (1,135 kg).


Supplementary Results
Mixed-effects model replication.
	Additionally, we also replicated our analysis with a mixed-effects model. Analyses were conducted with the lme4 (Bates et al., 2015) and lmerTest (Kuznetsova et al., 2017) packages in R. Identical to our main analysis, we regressed age, gender, first language and total amount of topics read on the number of topics explored (diverse information seeking analysis) and the average numbers of facts read within a topic (specific information seeking analysis).
	Age significantly predicted a decline in the number of topics explored, β = -0.03, p < .001, and significantly predicted an increase of the average number of facts read within a topic, β = 0.03, p < .001. Additionally, total amount of information positively predicted both the number of topics explored, β = 0.12, p < .001, and the average number of facts read within a topic β = 0.11, p < .001. Neither gender (diversive: β = -0.07, p = .393; specific: β = -0.05, p = .432) nor first language (diversive: β = 0.03, p = .883; specific: β = 0.03, p = .792) were found to have a significant effect. This replicates the results from the survival analyses. 
Robustness check 
	To examine the robustness of our main results, we include a series of additional survival analyses. Table S3 includes results with additional control variables for the analysis of specific and diversive information seeking respectively. Specifically, prior knowledge and average curiosity serve as additional controlling variables. For diversive information seeking, the average prior knowledge or self-reported feelings of curiosity for each participant was added. For specific information seeking, the prior knowledge and average self-reported feelings of curiosity a participant reported for a specific topic was added to the analyses. The effects of age on both specific and diversive information seeking remain robust. 
	Additionally, in Table S4 we replicate the main analyses from the paper on two subsets of participants. Namely, we perform the analyses on the dataset additionally including participants who only read one fact to the dataset (these participants were excluded from the original analyses) and on a subset including only English native speakers. Again, the effects of age on specific and diversive information seeking remain robust.


Table S3  
Results of the survival analyses for specific and diverse information seeking with age, total facts read, native language and gender as predictors. The curiosity model also includes average self-reported feelings of curiosity as a control variable and prior knowledge model includes prior knowledge as a control variable. These control variables are either the overall average curiosity or prior knowledge (diversive information seeking) or the average self-reported feelings of curiosity / prior knowledge reported for each topic (specific information seeking). 
	
	Specific search
	
	Diversive search

	
	No.1
	HR2
	95% CI
	p-value
	
	No.1
	HR2
	95% CI
	p-value

	Curiosity models (main effects only)
	
	
	
	
	

	Age
	1707
	0.987
	0.982, 0.992
	< .001
	
	429
	1.013
	1.005, 1.020
	.001

	Total facts read
	1707
	0.945
	0.940, 0.950
	< .001
	
	429
	0.870
	0.851, 0.890
	< .001

	Curiosity
	1707
	0.765
	0.718, 0.816
	< .001
	
	429
	1.088
	1.000, 1.184
	.048

	Native language
	1707
	0.957
	0.840, 1.090
	.506
	
	429
	1.082
	0.876, 1.337
	.463

	Gender
	1707
	1.032
	0.970, 1.099
	.318
	
	429
	1.026
	0.930, 1.131
	.608

	
	
	
	
	
	
	
	
	
	

	Curiosity models (interaction term included)
	
	
	
	
	
	

	Age
	1707
	0.987
	0.981, 0.992
	< .001
	
	429
	1.013
	1.005, 1.020
	.001

	Total facts read
	1707
	0.945
	0.940, 0.950
	< .001
	
	429
	0.870
	0.851, 0.890
	< .001

	Curiosity
	1707
	0.818
	0.705, 0.948
	.008
	
	429
	1.088
	0.999, 1.184
	.052

	Native language
	1707
	0.956
	0.839, 1.090
	.500
	
	429
	1.083
	0.877, 1.338
	.459

	Gender
	1707
	1.032
	0.970, 1.099
	.320
	
	429
	1.026
	0.931, 1.132
	.604

	Age * Curiosity
	1707
	0.997
	0.993, 1.003
	.322
	
	429
	1.000
	0.994, 1.007
	.900

	
	
	
	
	
	
	
	
	
	

	Prior knowledge mode (main effects only)l
	
	
	
	
	
	

	Age
	1387
	0.988
	0.981, 0.994
	< .001
	
	346
	1.011
	1.003, 1.020
	.010

	Total facts read
	1387
	0.945
	0.939, 0.952
	< .001
	
	346
	0.881
	0.861, 0.901
	< .001

	Prior knowledge
	1387
	0.934
	0.885, 0.986
	.014
	
	346
	1.248
	1.078, 1.444
	.003

	Native language
	1387
	1.004
	0.868, 1.160
	.959
	
	346
	0.994
	0.786, 1.257
	.960

	Gender
	1387
	1.030
	0.960, 1.104
	.411
	
	346
	1.058
	0.947, 1.183
	.318

	
	
	
	
	
	
	
	
	
	

	Prior knowledge mode (interaction term included)l
	
	
	
	
	

	Age
	1387
	0.988
	0.981, 0.994
	< .001
	
	346
	1.011
	1.003, 1.020
	.011

	Total facts read
	1387
	0.946
	0.939, 0.952
	< .001
	
	346
	0.881
	0.861, 0.901
	< .001

	Prior knowledge
	1387
	0.936
	0.886, 0.989
	.018
	
	346
	1.249
	1.078, 1.447
	.003

	Native language
	1387
	1.004
	0.868, 1.160
	.961
	
	346
	0.998
	0.788, 1.262
	.983

	Gender
	1387
	1.030
	0.960, 1.104
	.412
	
	346
	1.057
	0.945, 1.181
	.331

	Prior knowledge * Age
	1387
	1.001
	0.996, 1.006
	.747
	
	346
	1.002
	0.990, 1.014 
	.732


1Number of events 2Hazard Ratio


Table S4  
Results of the survival analyses for specific and diverse information seeking with age, total facts read, native language and gender as predictors. Native speakers only model includes only the data from English native speakers. One fact model adds the data of participants who only looked at one fact back into the dataset. 
	
	Specific search
	
	Diversive search

	
	No.1
	HR2
	95% CI
	p-value
	
	No.1
	HR2
	95% CI
	p-value

	Native speakers only model
	
	
	
	
	
	
	

	Age
	1181
	0.986
	0.980, 0.992
	< .001
	
	304
	1.017
	1.008, 1.025
	< .001

	Total facts read
	1181
	0.946
	0.940, 0.952
	< .001
	
	304
	0.870
	0.846, 0.893
	< .001

	Gender
	1181
	1.032
	0.957, 1.113
	.411
	
	304
	1.019
	0.906, 1.145
	.757

	
	
	
	
	
	
	
	
	
	

	One fact model
	
	
	
	
	
	
	

	Age
	1716
	0.986
	0.981, 0.991
	< .001
	
	488
	1.009
	1.002, 1.016
	.012

	Total facts read
	1716
	0.943
	0.937, 0.948
	< .001
	
	488
	0.848
	0.829, 0.868
	< .001

	Native language
	1716
	0.969
	0.853, 1.101
	.628
	
	488
	1.113
	0.915, 1.354
	.285

	Gender
	1716
	1.022
	0.962, 1.084
	.484
	
	488
	0.964
	0.882, 1.055
	.430


1Number of events 2Hazard Ratio

The next robustness check is a repetition of our original analyses but with varying sets of the original control variables included. As people who have read more facts in total are likely to have both looked at more topics and read more facts from each topic, we kept this variable included in all analyses. As can be seen in Table S5, the effect of age on specific and diversive information seeking remains very similar to our original results irrespective of the choice of control variables. Note that we only had prior knowledge ratings for 402 participants due to technical error. 

[bookmark: _Hlk142917603]

Table S5  
Results of the survival analyses for specific and diverse information seeking with age and total facts read included. Additionally, the predictors gender and native language are added to this base model. The original model (full model) presented in the main paper is added as a comparison.
	
	Specific search
	
	Diversive search

	
	No.1
	HR2
	95% CI
	p-value
	
	No.1
	HR2
	95% CI
	p-value

	Base model
	
	
	
	
	
	
	

	Age
	1707
	0.987
	0.982, 0.992
	< .001
	
	429
	1.013
	1.005, 1.020
	< .001

	Total facts read
	1707
	0.945
	0.940, 0.951
	< .001
	
	429
	0.874
	0.856, 0.893
	< .001

	
	
	
	
	
	
	
	
	
	

	Gender model
	
	
	
	
	
	
	

	Age
	1707
	0.987
	0.982, 0.992
	< .001
	
	429
	1.013
	1.005, 1.020
	< .001

	Total facts read
	1707
	0.945
	0.940, 0.951
	< .001
	
	429
	0.875
	0.856, 0.894
	< .001

	Gender
	1707
	1.030
	0.968, 1.096
	.347
	
	429
	1.027
	0.931, 1.132
	.600

	
	
	
	
	
	
	
	
	
	

	Language model
	
	
	
	
	
	
	
	
	

	Age
	1707
	0.987
	0.982, 0.992
	< .001
	
	429
	1.013
	1.006, 1.021
	< .001

	Total facts read
	1707
	0.945
	0.940, 0.951
	< .001
	
	429
	0.874
	0.855, 0.893
	< .001

	Native language
	1707
	0.961
	0.844, 1.093
	.543
	
	429
	1.091
	0.884, 1.347
	.417

	
	
	
	
	
	
	
	
	
	

	Full model
	
	
	
	
	
	
	
	
	

	Age
	1707
	0.987
	0.982, 0.992
	< .001
	
	429
	1.013
	1.006, 1.021
	< .001

	Total facts read
	1707
	0.945
	0.940, 0.951
	< .001
	
	429
	0.874
	0.856, 0.893
	< .001

	Native language
	1707
	0.959
	0.843, 1.092
	.529
	
	429
	1.093
	0.885, 1.349
	.410

	Gender
	1707
	1.031
	0.968, 1.097
	.342
	
	429
	1.028
	0.932, 1.133
	.586


1Number of events 2Hazard Ratio
	To investigate if the age differences in theme selection impacted our results, we repeated our main survival analyses within the different themes. As Table S6 shows, results for all but one theme were descriptively consistent with our main analyses, although the majority of these were non-significant. In the “Lesser known scientists” theme, the non-significant effect of age on diversive information seeking was in the opposite direction to the main analysis. 


Table S6
Results of the survival analyses for specific and diverse information seeking for the different themes.
	
	Specific search
	
	Diversive search

	
	No.1
	HR2
	95% CI
	p-value
	
	No.1
	HR2
	95% CI
	p-value

	Prehistoric Animals
	
	
	
	
	
	
	
	
	

	Age
	268
	0.993
	0.981, 1.006
	.289
	
	62
	1.026
	1.003, 1.048
	 .025

	Total facts read
	268
	0.939
	0.926, 0.952
	< .001
	
	62
	0.893
	0.846, 0.944
	< .001

	Native language
	268
	1.067
	0.797, 1.428
	.079
	
	62
	0.858
	0.466, 1.581
	.624

	Gender
	268
	1.147
	0.984, 1.335
	.665
	
	62
	0.893
	0.830, 1.413
	.557

	
	
	
	
	
	
	
	
	
	

	Historic Expeditions
	
	
	
	
	
	
	

	Age
	136
	0.970
	0.954, 0.987
	< .001
	
	60
	1.034
	1.012, 1.056
	< .001

	Total facts read
	136
	0.941
	0.909, 0.974
	< .001
	
	60
	0.904
	0.867, 0.944
	< .001

	Native language
	136
	1.260
	0.724, 2.192
	.415
	
	60
	0.493
	0.253, 0.962
	.038

	Gender
	136
	0.947
	0.776, 1.156
	.592
	
	60
	1.063
	0.814, 1.389
	.651

	
	
	
	
	
	
	
	
	
	

	Mythical Beasts
	
	
	
	
	
	
	
	
	

	Age
	650
	0.994
	0.986, 1.002
	.151
	
	128
	1.008
	0.992, 1.025
	.307

	Total facts read
	650
	0.945
	0.937, 0.952
	< .001
	
	128
	0.791
	0.753, 0.832
	< .001

	Native language
	650
	0.995
	0.833, 1.189
	.955
	
	128
	1.268
	0.863, 1.862
	.227

	Gender
	650
	0.985
	0.903, 1.076
	.741
	
	128
	1.068
	0.892, 1.279
	.473

	
	
	
	
	
	
	
	
	
	

	Lesser Known Scientists
	
	
	
	
	
	
	

	Age
	274
	0.996
	0.983, 1.008
	.484
	
	62
	0.995
	0.975, 1.015
	0.624

	Total facts read
	274
	0.947
	0.937, 0.957
	< .001
	
	62
	0.878
	0.835, 0.923
	< .001

	Native language
	274
	0.755
	0.562, 1.014
	.062
	
	62
	1.593
	0.932, 2.724
	.089

	Gender
	274
	1.175
	0.999, 1.382
	.052
	
	62
	0.880
	0.678, 1.140
	.333

	
	
	
	
	
	
	
	
	
	

	Lesser Known Countries
	
	
	
	
	
	
	

	Age
	379
	0.990
	0.978, 1.003
	.121
	
	117
	1.008
	0.995, 1.022
	.250

	Total facts read
	379
	0.937
	0.921, 0.954
	< .001
	
	117
	0.910
	0.875, 0.946
	< .001

	Native language
	379
	1.015
	0.740, 1.391
	.929
	
	117
	0.985
	0.651, 1.490
	.944

	Gender
	379
	0.959
	0.840, 1.095
	.539
	
	117
	1.130
	0.933, 1.369
	.211


1Number of events 2Hazard Ratio
The final robustness check includes a replication of our original analyses, however, to investigate if the detected changes were due to differences in specific age groups instead of a gradual change over time (i.e., non-linear age effects), we conducted four additional survival analyses. In these survival analyses, instead of adding age as a linear predictor, age was added as a series of dummy coded variables (separated into decades – below 61 – or an older adult group 61-78). We present the results with the 31-40 year olds and the 41-50 year olds serving as reference groups since these categories represent the mid-point in our age distribution. 

Table S7 shows the results of the analyses. Due to the loss of power from treating age as a categorical variable for each age group comparison, only a few of the comparisons between the age groups and the reference groups were significant. However, the overall picture shows consistent descriptive trends: HR increases for diversive information seeking and decreases for specific information seeking when an age group is compared to a younger age group for most comparisons. Both results are supported by significant ANOVAs (diversive: F(5, 489) = 3.82, p < .001,  η2G = 0.04; specific: F(5, 489) = 5.99, p < .001,  η2G = 0.06), showing overall differences across the age categories. This demonstrates that our results are not driven by the behaviour of specific age groups and instead reflect a gradual change of information seeking tendencies as people grow older. 
Table S7  
Results of the survival analyses for specific and diverse information-seeking with age, total facts read, and gender as predictors. Age has been added as a dummy coded variable and the table shows results with both the 31-40 year olds and 41-50 year olds used as a reference group. 
	
	Specific search
	
	Diversive search

	
	No.1
	HR2
	95% CI
	p-value
	
	No.1
	HR2
	95% CI
	p-value

	31-40 Reference group
	
	
	
	
	
	
	
	

	Total facts read
	1707
	0.945
	0.940, 0.950
	< .001
	
	429
	0.873
	0.855, 0.892
	< .001

	Native language
	1707
	0.976
	0.857, 1.111
	.711
	
	429
	1.085
	0.877, 1.341
	.453

	Gender
	1707
	1.021
	0.960, 1.086
	.503
	
	429
	1.035
	0.935, 1.145
	.507

	Ages 12-17
	1707
	1.348
	1.111, 1.637
	.002
	
	429
	0.782
	0.568, 1.075
	.130

	Ages 18-20
	1707
	0.987
	0.768, 1.267
	.916
	
	429
	1.037
	0.732, 1.468
	.839

	Ages 21-30
	1707
	1.012
	0.840, 1.220
	.901
	
	429
	0.965
	0.722, 1.289
	.807

	Ages 31-40
	Reference group

	Ages 41-50
	1707
	0.902
	0.715, 1.138
	.385
	
	429
	1.124
	0.807, 1.566
	.489

	Ages 51-60
	1707
	0.710
	0.519, 0.971
	.032
	
	429
	1.488
	0.870, 2.547
	.147

	Ages 61-78
	1707
	0.417
	0.179, 0.972
	.043
	
	429
	2.543
	1.254, 5.159
	.010

	
	
	
	
	
	
	
	
	
	

	41-50 Reference group
	
	
	
	
	
	
	

	Total facts read
	1707
	0.945
	0.940, 0.950
	< .001
	
	429
	0.873
	0.855, 0.893
	< .001

	Native language
	1707
	0.976
	0.858, 1.111
	.711
	
	429
	1.085
	0.877, 1.341
	.453

	Gender
	1707
	1.021
	0.960, 1.086
	.503
	
	429
	1.035
	0.935, 1.145
	.507

	Ages 12-17
	1707
	1.495
	1.210, 1.848
	< .001
	
	429
	0.695
	0.501, 0.965
	.030

	Ages 18-20
	1707
	1.094
	0.839, 1.426
	.509
	
	429
	0.922
	0.648, 1.313
	.653

	Ages 21-30
	1707
	1.122
	0.913, 1.377
	.273
	
	429
	0.858
	0.636, 1.157
	.316

	Ages 31-40
	1707
	1.108
	0.879, 1.398
	.385
	
	429
	0.890
	0.638, 1.239
	.489

	Ages 41-50
	Reference group

	Ages 51-60
	1707
	0.787
	0.574, 1.080
	.138
	
	429
	1.324
	0.771, 2.271
	.309

	Ages 61-78
	1707
	0.462
	0.198, 1.081
	.075
	
	429
	2.262
	1.110, 4.612
	.025


1Number of events 2Hazard Ratio
Hierarchical clustering.
	To replicate our findings with a different statistical approach, we used hierarchical clustering to identify clusters of different information seeking behaviours and examined how these clusters are related to age. First, we calculated the residuals two models: a multi-level regression model of the total facts read on the average number of facts read within a topic captured specific information seeking and a simple regression model of the total facts read on the total number of topics captured diversive information seeking. Using the residuals from these models instead of the raw values controls for the total number of facts read (similar to our survival analysis). This means that the residuals represent the average number of facts read within each topic and total number of topics explored respectively for the two models when total number of facts read is controlled for. 
After creating the residuals, we then used an agglomerative nesting algorithm to cluster Eucleadian distances of the centered values of these two residuals. This was done with the cluster package in R (Maechler et al., 2022), using Ward’s method of clustering. To identify the ideal cluster size, we compared solutions suggested by different methods. The elbow, gap and the silhouette method all suggest three clusters as the optimal solution. 
Figure S1 reports the characteristics of clusters in terms of the information seeking strategies and age. As can be seen, although the analysis identified three clusters, these clusters seem to represent a continuous change from a focus on diversive information seeking to a focus on specific information seeking. Importantly, a one-way ANOVA found that participant age differed significantly between clusters, F(2, 497) = 8.62, p < .001,  η2G = 0.03, with the cluster characterised by high diversive information seeking and low specific information seeking containing younger participants than the cluster characterised by high specific information seeking and low diversive information seeking. These results are consistent with the main findings, and suggest that the two types of information seeking strategies are best represented by continuous individual differences, rather than qualitatively different groups of participants.
Figure S1
Average residuals of measures of specific and diversive information-seeking for each cluster. The x-axis shows the average age of participants within the cluster. 
[image: ]
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