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I. Analyses to Clarify Study Differences
	In the primary analyses, we treated the two samples from Study 1 and Study 2 as one group. However, there were differences in the study procedures across the two studies. For example, in Study 1 some participants “looked” at the negative images, while others “named” the primary emotion they felt in response to the image. This naming may have provided the opportunity for a subset of participants to practice generating emotion words, which could influence the results of the emotion fluency task. Because of these subtle yet potentially important differences, we conducted analyses to ensure that the two studies could be treated as one sample.
Conditions of the Cognitive Emotion Regulation Task
	The condition of the cognitive emotion regulation task (i.e., Look, Name, Regulate, Name/Regulate) was manipulated between-subjects in Study 1. This means that some participants passively viewed the image, some named their primary emotion, some regulated their emotional response, and some named their primary emotion then regulated their emotional response. These conditions may have provided different levels of practice generating emotion words and may have unequal cognitive efforts (e.g., regulating emotions may take more cognitive effort than looking at the images; Ortner et al., 2016; Sheppes & Meiran, 2008). As such, we sought to ensure that the between-subjects condition did not impact performance on the emotion fluency task. Using a one-way ANOVA, we found no differences in emotion fluency between the conditions, F(3, 76) = 0.82, p = .49. Similarly, we found no differences in negative fluency bias between the conditions, F(3, 76) = 0.83, p = .48. The null results suggest that the study conditions did not significantly impact performance on the emotion fluency task.
	Additionally, emotion regulation strategy (i.e., Reappraise N = 38, Accept N = 33) was manipulated between-subjects in Study 2. These strategies may introduce unequal cognitive effort. Previous work indicates that reappraisal depletes more cognitive resources than acceptance (Keng et al., 2013). We sought to determine whether the emotion regulation strategy that participants used in the emotion regulation task impacted their performance on the emotion fluency task. Using an independent samples t-test, we found no differences in emotion fluency between regulation strategies in Study 2, t(69) = 1.08, p = .28. Similarly, we found no differences in negative fluency bias by strategy, t(69) = .08, p = .93. This indicates that even though reappraisal and acceptance may introduce unequal cognitive effort, this does not affect performance on the emotion fluency task.
Demographics and Questionnaires
To ensure the participants of the two samples did not systematically differ, we tested whether there were significant differences in the demographic composition and questionnaire scores between the samples. Overall, we did not find evidence for systematic differences between the two samples (ps > .05), suggesting that we can treat them as one group. See Supplemental Tables 1, 2, and 3 for the results of all tests of these variables. BDI scores were significantly different before correction for multiple comparisons (t(149) = 1.98, p < .05), but this difference did not survive adjustment (adjusted-p > .05). The different versions of the BDI administered in the two studies may explain this potential difference, and we conducted analyses to ensure that the different BDI versions did not impact the primary results.


II. Self-Report Questionnaires
Levels of Emotional Awareness Scale (LEAS). The LEAS (Lane et al., 1990) is a measure of emotional awareness (i.e., how complexly people identify their own and others’ emotions). Participants completed the LEAS Form A by writing responses to the questions “How would you feel?” and “How would the other person feel?” in response to 10 different vignettes (e.g., “Your boss tells you that your work has been unacceptable and needs to be improved”). Following standardized procedures, responses were scored based on complexity, with higher scores indicative of higher emotional awareness. For example, participants score one point for providing a physiological cue (e.g., “I’d feel tired”), and four points for providing two emotion words demonstrating greater emotion differentiation than either word alone (e.g., “I’d feel rejected and guilty”). We used the “total” scores for analyses. The LEAS was only collected in Study 1 and demonstrated adequate internal consistency (Cronbach’s  = 0.66).
Toronto Alexithymia Scale (TAS). The TAS (Bagby et al., 1994) is a measure of alexithymia (i.e., difficulty identifying and describing one’s emotions). Participants respond to 20 items on five-point Likert scales (1 = Disagree strongly, 5 = Agree strongly). The TAS yields three subscales: Difficulty Identifying Feelings (DIF), Difficulty Describing Feelings (DDF), and Externally-Oriented Thinking (EOT). The version administered here was modified so that questions including specific emotion names (e.g., sad, angry) were removed. Participants completed 5 items from each of the DIF and DDF subscales (total 10 items). These items’ scores were summed for the DIF and DDF subscale scores. The DIF and DDF subscales showed strong internal consistency in the current study (Cronbach’s  = 0.77 and 0.8, respectively).
Beck Depression Inventory (BDI). The BDI (Beck et al., 1961, 1996) is a measure of depression symptoms. Scores are calculated by summing the severity of each symptom reported on four-point Likert scales, with higher scores indicative of more severe depression symptoms. The two studies administered different versions of the BDI. Study 1 administered the BDI-II (Beck et al., 1996), while Study 2 administered the BDI-I (Beck et al., 1961). Furthermore, the versions used in both studies were modified to exclude the questions about sadness, hopelessness, libido, and suicidal ideation to avoid priming participants with specific emotion names. To account for these differences, we included study as a covariate for analyses including the BDI. The versions used in each study demonstrated robust internal consistency (Cronbach’s  = 0.79 and 0.85 for Study 1 and Study 2 respectively). See the next section (III. Beck Depression Inventory (BDI) Versions) for analyses demonstrating that the BDI version did not influence results.


III. Beck Depression Inventory (BDI) Versions.
The two studies administered different versions of the BDI. Study 1 administered the Beck Depression Inventory-II (BDI-II; Beck et al., 1996), while Study 2 administered the Beck Depression Inventory-I (BDI-I; Beck et al., 1961). Practically, this means that the version used in Study 1 included questions about agitation, worthlessness, concentration difficulty, and loss of energy, while Study 2 did not. The version used in Study 2 included questions about weight loss, weight gain, body image change, somatic preoccupation, and work difficulty, while Study 1 did not. The version used in Study 1 collapsed two questions about sleep pattern change from the version used in Study 2 into one question. Furthermore, the versions used in both studies were modified to exclude the questions about sadness, hopelessness, and suicidal ideation to avoid priming participants with specific emotion names. The version used in Study 1 also excluded the question about libido. Thus, the BDI-II used in Study 1 included 17 questions, while the BDI-I collected in Study 2 included 20 questions.
To further probe the differences in BDI administration across the two studies, we compared each BDI version’s correlations with the two alexithymia subscale scores using the Fisher r-to-z method (Cohen et al., 2003). The positive relationship between depression symptoms and alexithymia is well-characterized (Hendryx et al., 1991; Honkalampi et al., 2000). As such, if the correlations between alexithymia scores and the BDI scores were similar across the two studies, this would provide supporting evidence that the BDI versions are measuring the same construct in the two studies. We also rescored the questionnaires to only include the 10 questions shared across both versions and re-ran the linear regression models with these scores.
The positive correlations between depression symptoms and alexithymia did not differ across the two studies (ps > .05). This may provide supporting evidence that the versions measured the same construct. Re-scoring to only include the 10 shared questions yielded similar results to the primary analyses, such that emotion fluency and negative fluency bias were not related to depression symptoms. However, study was no longer a significant predictor (ps > .05). These results may indicate that the differences in BDI scores across the studies were primarily due to question differences rather than sample differences.


IV. Comparisons of the Counts and Proportions of Emotion Fluency by Valence
To address the concern that negative fluency bias (i.e., the proportion of negative words each participant produced) might conflate the number of items generated with the valence of those items, we conducted additional analyses. First, we found that the patterns for the count and proportion of emotion words by valence are very similar, which can be seen in Supplemental Figure 1. Second, given the very low number of neutral words produced, the proportion of positive and negative words are essentially perfectly correlated (r = -.95, p < .001). This means that negative fluency bias captures individual differences in a participants’ overall use of valenced words. Third, we conducted analyses examining the relationships between the emotion functioning measures reported in the main text and (i) the number of negative emotion words, (ii) the number of positive emotion words, and (iii) the number of neutral words. We found the same pattern of results for all dependent variables (i.e., null relations between the numbers of positive/neutral/negative emotion words and emotion functioning). Consequently, these results indicate that analyzing the proportion of negative valence words, rather than both the proportion and count, is sufficient.


V. Relations Between Emotion Fluency and Affect Levels, Regulatory Success
	The emotion regulation task provided two additional indices of emotion functioning: mean affect levels and regulatory success. Psychological well-being is associated with both mean affect levels (i.e., the overall endorsement of negative emotion; Dejonckheere et al., 2019; Watson et al., 1988) and regulatory success (i.e., how strongly one can reduce negative emotions while regulating; Balzarotti et al., 2016; Gross & Muñoz, 1995; Hu et al., 2014). Given the body of work suggesting that language is critical for emotion functioning reviewed in the main text, we hypothesized that fluency for emotion words would relate to these indices and conducted non-preregistered exploratory analyses to test these hypotheses. We calculated mean affect levels separately for positive affect and negative affect across all trials in the emotion regulation task. Regulatory success was operationalized as the difference between unpleasant affect levels in the Regulate and the Look conditions [Regulatory Success = Regulate Mean Unpleasant Affect – Look Mean Unpleasant Affect]. Next, we correlated emotion fluency and negative fluency bias separately with each measure (i.e., mean positive affect, mean negative affect, and regulatory success). We found null results for all correlations (ps > .05). Because these tests were not preregistered and had null relations, we cautiously interpret the findings as additional support to the conclusion of the preregistered primary analyses, that emotion fluency is not related to emotion functioning in a community sample. 


TABLES

Supplemental Table 1. T-test results for comparing variable means in Study 1 and Study 2.
	Variable
	MStudy 1
	MStudy 2
	DF
	t
	adjusted- p

	Age
	20.91
	20.96
	148
	-0.08
	.94

	Easy verbal fluency
	15.34
	16.52
	149
	-1.88
	.18

	Difficult verbal fluency
	10.03
	10.89
	149
	-1.54
	.25

	Difficulty identifying feelings
	10.98
	10.85
	149
	0.20
	.94

	Difficulty describing feelings
	12.65
	12.46
	149
	0.25
	.94

	Depression symptoms
	8.89
	7.06
	149
	1.98
	.18





Supplemental Table 2. Pearson’s chi-squared test with Yates’ continuity correction for comparing the distribution of gender in Study 1 and Study 2 samples.
	
	Male
	Female
	DF
	2
	p

	Study 1
	24 (30.4%)
	55 (69.6%)
	
	
	

	Study 2
	22 (31.4%)
	48 (68.6%)
	1
	< .001
	1





Supplemental Table 3. Fisher’s exact test for comparing the distribution of race in Study 1 and Study 2 samples.
	
	Hispanic
	African American
	Asian
	Caucasian
	Middle Eastern
	Native American
	Other
	p

	Study 1
	8 (10.1%)
	8 (10.1%)
	25 (31.6%)
	28 (35.4%)
	0 (0%)
	3 (3.8%)
	7 (8.9%)
	

	Study 2
	8 (11.4%)
	11 (15.7%)
	17 (24.3%)
	27 (38.6%)
	3 (4.3%)
	0 (0%)
	4 (5.7%)
	.33






FIGURES
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Supplemental Figure 1. The patterns of number and proportion of emotion words by valence. Bars illustrate the mean number or proportion of emotion words produced, split by valence. Error bars represent 95% confidence intervals adjusted for within-subject comparisons (Morey, 2008).
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