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The Rationale for Developing a Coding Scheme
A comparable and well-defined coding system was needed to standardize codes of conduct between the two school districts in the present study; however, we ultimately found that there were very few inconsistencies in the codes of conduct between the two school districts. This practice is consistent with prior studies as most disciplinary infraction coding schemes in the literature are study-specific and are not justified theoretically (e.g., Anyon et al., 2016; Bradshaw, Mitchell, O’Brennan, & Leaf, 2010; Forsyth et al., 2015; Skiba et al., 2014). Because we inferred psychological processes from the infractions, it was critical to take a systematic approach. Thus, we coded the infractions based on theoretically informed definitions that were coded as either  (1) minor, (2) defiant, or (3) major infractions. 
Minor Infractions 
Minor infractions were write-ups for behaviors that were prototypical of adolescents (e.g., using a cell phone), instrumental to adolescents’ goals for seeking peer group approval and autonomy (e.g., violating a dress code; using inappropriate language). All minor infractions also needed to be non-violent and not indicate school disengagement or interpersonal problems with teachers or peers (i.e., no infractions related to aggression, drugs, or insubordination were included in this category). Of the infractions used in the present analysis, 14 of the infraction codes were classified as “minor,” and these 14 minor infractions accounted for 50% of the infractions given during baseline.  
Defiant Infractions 
Defiant infractions were write-ups for active defiance of school-specific rules and interpersonal problems with school personnel, including infractions for cutting/skipping class, cheating, and disrespect/insubordination. Based on this schema, six of the infractions were classified as “defiant” and constituted 16% of infractions given during baseline. 
Major Infractions
Infractions that did not meet either criterion for a minor or defiant label (34% of all infractions) were major infractions, which were related to aggression (e.g., assault, fighting) or substance use at school. We did not categorize infractions related to intentional or unintentional missing of school (e.g., tardiness), school bus-related infractions (e.g., infractions that did not occur on school grounds), and codes that were ambiguously reported (e.g., “3 minor infractions”). Major infractions occurred on the school campus and were correlated with minor (concurrent r-time-range between .07 to .28) and defiant infractions (concurrent r-time-range between .16 to .27). 
Validity Checks of Minor Versus Defiant and Major Infraction Coding Scheme 
Several validity checks were conducted to ensure that the infraction coding scheme was ecologically valid. First, we examined the extent to which our codes aligned with the school districts’ codes of conduct, which classify infractions as Level 1, 2, or 3. In theory, schools should rate infractions coded as defiant and major as more severe than infractions coded as minor. Indeed, there was broad support for the present coding scheme: Among the four infractions labeled as major, all four were classified as Level 3 (e.g., drug possession). Among the six infractions labeled as defiant, four were Level 2 (e.g., insubordination), one was classified as Level 3 (i.e., vandalism), and one was not listed in the handbook (i.e., pulling an alarm). Of the 14 infractions labeled as minor, four were considered as Level 1 (e.g., dress code), four were classified as Level 2 (e.g., technology violation), and five were not in the handbook (e.g., horseplay). To further probe that major and defiant behavior infractions were viewed as more severe by schools, analyses were conducted to determine whether major and defiant infractions were more likely than minor infractions to be followed by suspensions. Indeed, students were more likely to receive a suspension following a major or a defiant infraction relative to a minor infraction [major versus minor: 2 (1) = 78.40, p < .001; deviant versus minor: 2 (1) = 14.85, p < .001].
In addition, we examined the extent to which adolescents’ self-reported behavioral functioning mapped onto the minor and major/defiant infraction categories. Adolescents’ immature self-regulation should underlie minor infractions, whereas their noncompliance should predict major/defiant infractions. Supporting these assumptions, minor infractions were more strongly predicted by adolescents’ self-reported impulsivity (  = .36, SE = .06, p < .001; e.g., “I act on the spur of the moment”) (Whiteside & Lynam, 2001) and were unrelated to adolescents’ self-reported non-compliance ( = .03, SE = .04, p = ns; “I find reasons to get out class”) (Wang et al., 2017). In contrast, major and defiant infractions were more strongly predicted by adolescents’ self-reported non-compliance (major:  = .08, SE = .03, p < .01; defiant:  = .23, SE = .07, p < .01) and were unrelated or weakly related to adolescents’ self-reported impulsivity (major:  = .01, SE = .03, p = ns; defiant:  = .18, SE = .08, p < .05). 
School Climate
Construct Validity 
We performed a confirmatory factor analysis to assess how the various subscales loaded on the latent construct for school climate at baseline. In this confirmatory factor analysis, the following subscales had positive and significant factor loadings: teacher support (B = 1.00, SE = .00, p < .001), school fairness (B = .80, SE = .06, p < .001), consistency/clarity of school rules (B = .67, SE = .05, p < .001), and school belonging (B = .59, SE = .05, p < .001). The confirmatory factor analysis produced acceptable fit indices, 2 (2) = 2.53, p = ns, RMSEA .02 90% CI [.00, .08] CFI .99 SRMR .01.
Concurrent/Discriminant Validity
Consistent with Brand et al. (2003), we compared correlations between school climate and academic adjustment outcomes at baseline to establish concurrent validity for school climate. Consistent with Brand et al. (2003)’s study, our correlations between school climate and indicators of school engagement (behavioral: r = .44, p < .001; affective: r = .62, p < .001; and cognitive: r = .40, p < .001) were positive and significant, with more favorable school climate relating to more favorable school engagement. Thus, we found evidence of concurrent validity. To establish discriminant validity, we assessed the correlation between school climate and perceived racial discrimination from peers and educators at baseline. Because perceived peer discrimination and perceived educator discrimination are distinct but related constructs (Del Toro & Hughes, 2019) and our school climate indicators mainly assessed adolescents’ relationships and interactions with school adults (i.e., teacher support, consistency/clarity in school rules, and school fairness), we expected that discrimination from peers would be unrelated to school climate and that discrimination from educators would have an inverse relationship with school climate. Indeed, the relation between school climate and discrimination from peers was non-significant (r = .04, p = ns), and the relation between school climate and discrimination from educators was inversely significant (r = -.28, p < .001). Therefore, the non-significant relation between school climate and perceived peer discrimination provides evidence of discriminant validity, and the significant inverse relationship between school climate and perceived teacher discrimination provides additional evidence of convergence validity.
Measurement Invariance
To assess whether the school climate indicators on the latent construct are invariant across time, we began with an assessment of configural invariance for our school climate latent variable across the three-year study period. In doing so, we estimated a model in which our four indicators (i.e., teacher support, school rule consistency/clarity, school fairness, and school belonging) at each year assessed a single latent variable (i.e., school climate) at each year. In this initial model, the factor loadings and intercepts were allowed to be freely estimated at each year. This model fit indices were acceptable, 2 (39) = 42.73, p = ns, RMSEA .01 90% CI [.00, .03], CFI .99, SRMR .02, and provided evidence of configural invariance. 
Thereafter, we tested whether we can sequentially constrain the factor loadings and intercepts to be equivalent across time without yielding a significant decrement in model fit to provide evidence for metric and scalar invariance across time. Table SI2 includes our assessment of measurement invariance for school climate after we tested whether we could constrain the factors loadings and intercepts to be equivalent over time. In doing so, we performed multi-group analyses in which time was the grouping variable and tested whether constraining the factor loadings and intercepts to be equivalent across time yielded a significant decrement in model fit according to significant chi-square tests. Table SI2 indicates when constraining specific factor loadings and intercepts to be equivalent over time caused a significant decrement in model fit; thus, we achieved partial scalar measurement invariance across time. Overall, the intercepts indicated declines over time in school climate indicators, which is consistent with the literature (Eccles et al., 1993; Wang & Fredricks, 2014). Due to social and developmental factors, it is not uncommon that we could not achieve full measurement invariance for school climate.
Covariate Measures
Ethnic-Racial Identity Exploration
We measured ethnic-racial identity exploration using a subscale from the widely used and well-validated Multigroup Ethnic Identity Measure (MEIM; Phinney & Ong, 2007) . The three-item ethnic-racial identity exploration subscale was used to assess the extent to which African American adolescents questioned or sought information about their race on a five-point Likert scale (e.g., “I have spent time trying to find out more about my ethnic group, such as its history, traditions, and customs,” “I have often talked to other people in order to learn more about my ethnic group”; 1 = strongly disagree, 5 = strongly agree). Internal consistency of the three-item measure was adequate at baseline (α = .79). 
Racial Discrimination from Teachers
Perceived racial discrimination from teachers was measured using an aggregate mean score of items derived from Wong et al. (2003)’s Perceived Discrimination Scale. Prior to responding to each question, students read, “Below are some situations where other kids said they were treated unfairly because of their race/ethnicity. We want to know if any of these things happened to you during the last six months.” Teacher racial discrimination was a four-item measure that asked students to rate how frequently they experienced discrimination from educators (e.g., “you were given a lower grade than you deserved”) using a five-point Likert scale (1 = not at all, 5 = extremely often). The teacher discrimination measure produced acceptable reliability at baseline ( = .88). 
Schools’ Racial Diversity
At baseline, schools’ racial diversity scores were generated using the Simpson’s Diversity Index (Benner & Graham, 2009; Simpson, 1949) and is a function of the number of racial groups and the degree to which each group is equally represented (range = 0 – 1; 0 = racially homogeneous; 1 = racially heterogeneous). Although Simpson’s Diversity Index was initially developed in the field of ethology to measure biological diversity, scientists have adapted this index to measure racial diversity (Budescu & Budescu, 2012; Graham, 2016).
Model Construction
	Prior to estimating an autoregressive latent trajectory model, we determined the best way to depict change for each construct. In Table SI7, for each key construct, we compared different analyses of change (i.e., an autoregressive model, a latent intercept model, and a latent growth curve model) for each key construct. According to the fit indices in Table SI7, an autoregressive model best represented change for minor infraction suspensions, a latent intercept model best represented change for school climate, and a latent growth curve model best represented change for grades. 
We supplemented our comparisons with chi-square differences tests to ensure such differences were significant. For minor infraction suspensions, an autoregressive model did not reliably differ from a latent intercept model, 2 (1) = 1.02, p = ns, nor a latent growth curve model 2 (2) = 2.00, p = ns; thus, for model parsimony, an autoregressive model was selected for minor infraction suspensions. For school climate, a latent intercept model fit the data better than did an autoregressive model, 2 (1) = 4.13, p < .05, but did not reliably differ from a latent growth curve model, 2 (3) = 5.39, p = ns; therefore, for model parsimony, a latent intercept model was selected for school climate. For grades, a latent growth curve model fit the data better than did a latent intercept model, 2 (3) = 21.94, p < .001, and an autoregressive model, 2 (3) = 17.80, p < .001; therefore, a latent growth curve model best represented change over time for grades.
Sensitivity Analyses
Racial Group Moderation 
In exploring whether the longitudinal inter-relations between minor infraction suspensions and school grades differed between African American and White youth, we used adolescents’ race as the grouping variable for multi-group analyses. In this model, minor infraction suspensions predicted school grades one year later for African American youth, but minor infraction suspensions did not predict school grades longitudinally for White youth. In addition, constraining the model pathways to be equivalent between the two racial groups yielded a significant decrement in model fit, 2 (4) = 54.27, p < .001, suggesting that race significantly moderated the results. However, too few White youth received minor infraction suspensions for reliable racial group comparisons; thus, this finding should be interpreted with caution.
Gender Moderation
Because prior studies have found that gender moderated rates of school discipline, we examined to what degree gender moderated the rates and effects of minor infraction suspensions (Epstein et al., 2017; Skiba et al., 2002). For gender, no differences emerged in rates of suspensions for minor infractions in Years 1 and 2 between boys and girls (see Table SI5). Yet, gender differences emerged in Year 3, during which more boys received a minor infraction suspension than did girls. In examining whether gender moderated the results in our final model, we shifted gender as a covariate to a grouping variable to conduct multi-group analyses. These multi-group analyses with gender as the grouping variable indicated that gender did not moderate the observed effects in our main analysis, as constraining the observed links in our model to be equivalent across groups did not yield a significant decrement in model fit, 2 (3) = 7.64, p = ns. Thus, the final model was robust between gender groups.
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SI I 
SCHOOL DISCIPLINE, PERFORMANCE, AND CLIMATE



	Table SI1
Student Body Demographic Characteristics by School among African American Youth (n = 818).

	School
	Analytic Sample (n)
	%African American
	%White American
	%Other non-White
	School racial diversity score
	%Low income
	%Girls 
(vs. boys)
	Grade-range
	Age-
range

	School 1 
	116
	.63
	.22
	.15
	.53
	.56
	.54
	7 – 08 
	12 – 16 

	School 2  
	259
	.59
	.34
	.06
	.52
	.56
	.53
	9 – 12 
	14 – 21 

	School 3 
	039
	.63
	.22
	.15
	.53
	.37
	.50
	K –08 
	05 – 15 

	School 4 
	084
	.87
	.05
	.08
	.23
	.78
	.48
	9 – 12
	14 – 18 

	School 5 
	097
	.77
	.14
	.09
	.37
	.73
	.48
	9 – 12 
	14 – 18 

	School 6 
	018
	.48
	.42
	.10
	.58
	.69
	.50
	3 – 08 
	08 – 15 

	School 7
	031
	.87
	.05
	.08
	.23
	.78
	.49
	3 – 08
	08 – 15 

	School 8
	034
	.69
	.21
	.10
	.47
	.79
	.47
	3 – 08 
	08 – 15 

	School 9
	056
	.47
	.37
	.16
	.61
	.73
	.52
	3 – 08 
	08 – 18 

	School 10
	033
	.82
	.08
	.10
	.31
	.80
	.54
	3 – 08 
	08 – 15 

	School 11 
	024
	.74
	.18
	.08
	.42
	.81
	.48
	3 – 08 
	08 – 15 

	School 12 
	036
	.77
	.14
	.09
	.37
	.73
	.52
	3 – 08 
	08 – 15 




	Table SI2
Results from Establishing Partial Measurement Invariance Across Time for School Climate among African American Youth (n = 818)

	
	
	School climate Wave 1 
	School climate Wave 2
	School climate 
Wave 3

	Factor loadings
	
	
	
	

	
	Teacher support
	.83 (.03)***
	.83 (.03)***
	.68 (.03)*** (a)

	
	School rule consistency/clarity
	.58 (.02)***
	.58 (.02)***
	.58 (.02)***

	
	School fairness
	.65 (.03)***
	.65 (.03)***
	.65 (.03)***

	
	School belonging
	.44 (.02)***
	.44 (.02)***
	.44 (.02)***

	Intercepts
	
	
	
	

	
	Teacher support
	3.28 (.04)*** (b)
	3.14 (.03)***
	3.14 (.03)***

	
	School rule consistency/clarity
	3.82 (.03)*** (c)
	3.58 (.03)***
	3.58 (.03)***

	
	School fairness
	3.02 (.03)***
	3.02 (.03)***
	3.13 (.03)*** (d)

	
	School belonging
	3.34 (.03)*** (e)
	3.24 (.03)***
	3.24 (.03)***

	Model fit
	2 (53) = 63.91, p = ns, RMSEA .02 90% CI [.00, .03] CFI .99 SRMR .04 

	Notes: Freely estimating coefficients with letters significantly improved the model fit: (a) 2 (1) = 14.07, p < .001; (b) 2 (1) = 15.61, p < .001; (c) 2 (1) = 59.14, p < .001; (d) 2 (1) = 9.25, p < .01; (e) 2 (1) = 10.14, p < .01. * p < .05, ** p < .01, *** p < .001.




	Table SI3
Zero-Order Bivariate Correlations Between Covariates and Key Constructs among African American Youth (n = 818)

	
	Minor infraction suspensions
	School grades
	Teacher support

	
	Year 1
	Year 2
	Year 3
	Year 1 
	Year 2
	Year 3
	Year 1
	Year 2
	Year 3

	Age
	 .06
	 .08*
	-.10**
	-.33**
	-.30**
	-.16**
	-.20**
	-.04
	 .09*

	Boys
	 .01
	 .04
	 .10**
	-.14**
	-.10**
	-.21**
	-.21**
	 .05
	 .08*

	Grade level
	 .05
	 .08*
	-.09**
	-.32**
	-.27**
	-.17**
	-.21**
	-.05
	 .10*

	Pay lunch status
	-.06
	-.03
	 .07
	 .19**
	 .17**
	 .17**
	 .01
	-.04
	-.09*

	School diversity
	 .00
	 .04
	-.05
	-.06
	-.08*
	-.31**
	-.03
	-.08*
	-.06

	Teacher racial discrimination
	 .12**
	 .10*
	 .07
	-.18**
	-.24**
	-.17**
	-.24**
	-.09
	-.01

	ERI exploration
	-.04
	-.05
	 .10**
	 .09 
	 .01
	 .09
	 .06
	 .10
	 .06

	Cohort
	-.03
	-.02
	 .00
	-.08*
	-.15**
	-.01
	-
	-.02
	 .04

	Notes: * p < .05, ** p < .01, *** p < .001. ERI exploration = ethnic-racial identity exploration.






	Table SI3 (continued)
Zero-Order Bivariate Correlations Between Covariates and Key Constructs among African American Youth (n = 818)

	
	School belonging
	School rule consistency/clarity
	
	School fairness
	

	
	Year 1
	Year 2
	Year 3
	Year 1 
	Year 2
	Year 3
	Year 1
	Year 2
	Year 3

	Age
	-.22**
	-.15**
	-.10*
	-.30**
	-.15**
	-.07
	-.07
	-.03
	-.01

	Boys
	 .03
	 .04
	 .09*
	-.10*
	-.02
	 .03
	 .03
	 .05
	 .08

	Grade level
	-.23**
	-.16**
	-.10*
	-.32**
	-.16**
	-.07
	-.07
	-.05
	-.01

	Pay lunch status
	 .01
	-.02
	 .03
	-.02
	-.03
	-.09*
	-.04
	-.06
	-.06

	School diversity
	 .08*
	 .07
	-.01
	-.09*
	-.05
	-.03
	 .04
	-.03
	 .03

	Teacher racial discrimination
	-.15**
	-.05
	-.13*
	-.20**
	-.20**
	-.14**
	-.18**
	-.12**
	-.02

	ERI exploration
	 .07
	 .07
	 .12
	 .18**
	 .09
	 .11
	 .05
	-.03
	.05

	Cohort
	-
	-.12**
	-.11*
	-
	-.06
	 .01
	-
	-.08*
	-.02

	Note: * p < .05, ** p < .01, *** p < .001. ERI exploration = ethnic-racial identity exploration.
	






	Table SI4
Unstandardized Coefficients (Standard Errors) for Stability Coefficients, Within-Year Covariation, and Cross-Lagged Effects in an Autoregressive Latent Trajectory Analysis Examining the Longitudinal Inter-Relations Between Minor Infraction Suspensions and School Grades, After Controlling for Covariates and School Random Effects among African American Youth (n = 818)

	Pathway
	B (SE)

	Stability coefficients (t  t + 1)
	

	Minor infraction suspensions Year 1  Minor infraction suspensions Year 2
	 .60 (.07)***

	Minor infraction suspensions Year 2  Minor infraction suspensions Year 3
	 .60 (.07)***

	Within-wave covariation (t  t)
	

	Minor infraction suspensions Year 1  School grades Year 1
	-.23 (.05)***

	Minor infraction suspensions Year 2  School grades Year 2
	-.23 (.05)***

	Minor infraction suspensions Year 3  School grades Year 3
	-.23 (.05)***

	Cross-lagged effects (t  t + 1)
	

	Minor infraction suspensions Year 1  School grades Year 2
	-.14 (.05)**

	Minor infraction suspensions Year 2  School grades Year 3
	-.14 (.05)**

	School grades Year 1  Minor infraction suspensions Year 2
	-.05 (.07)

	School grades Year 2  Minor infraction suspensions Year 3
	-.05 (.07)

	Note: * p < .05, ** p <  .01, *** p <.001. 





	Table SI5
Number (n) and Rate (% Within Each Social Category) of Adolescents Who Received a Suspension for a Minor Infraction by Grade level and Gender among African American Youth (n = 818)

	
	
	Minor infraction suspension
Year 1 
	Minor infraction suspension
Year 2
	Minor infraction suspension
Year 3

	Grade Level
	Sixth
	17 (5%)a
	24 (7%)a
	59 (17%)b

	
	Eighth
	49 (18%)b
	34 (12%)
	37 (14%)

	
	Tenth
	13 (8%)
	25 (13%)
	17 (9%)a

	
	
	
	
	

	Gender
	Girls
	39 (9%)
	38 (9%)
	44 (11%)a

	
	Boys
	40 (10%)
	45 (11%)
	69 (18%)b

	a Indicates that the actual count is lower than expected; b indicates that the count is higher than expected according to chi-square tests.




	Table SI6
Unstandardized Coefficients (Standard Errors) in an Autoregressive Latent Trajectory Analysis Examining the Longitudinal Inter-Relations among School Records of Adolescents’ Receipt of a Suspension for a Minor Infraction, Self-Reported School Climate, and School-Recorded Grades, After Controlling for Covariates and School Random Effects, But Omitting Teacher Racial Discrimination, Ethnic-Racial Identity Exploration, and School Diversity among African American Youth (n = 818)

	Pathway
	B (SE)

	Stability coefficients (t  t + 1)
	

	Minor infraction suspensions Year 1  Minor infraction suspensions Year 2
	 .65 (.06)***

	Minor infraction suspensions Year 2  Minor infraction suspensions Year 3
	 .65 (.06)***

	Within-wave covariation (t  t)
	

	Minor infraction suspensions Year 1  School climate Year 1
	-.13 (.04)**

	Minor infraction suspensions Year 2  School climate Year 2
	-.13 (.04)**

	Minor infraction suspensions Year 3  School climate Year 3
	-.13 (.04)**

	Minor infraction suspensions Year 1  School grades Year 1
	-.25 (.05)***

	Minor infraction suspensions Year 2  School grades Year 2
	-.25 (.05)***

	Minor infraction suspensions Year 3  School grades Year 3
	-.25 (.05)***

	School climate Year 1  School grades Year 1
	 .05 (.01)***

	School climate Year 2  School grades Year 2
	 .05 (.01)***

	School climate Year 3  School grades Year 3
	 .05 (.01)***

	Cross-lagged effects (t  t +1)
	

	Minor infraction suspensions Year 1  School climate Year 2
	-.08 (.02)**

	Minor infraction suspensions Year 2  School climate Year 3
	-.08 (.02)**

	School climate Year 1  Minor infraction suspensions Year 2
	-.03 (.06)

	School climate Year 2  Minor infraction suspensions Year 3
	-.03 (.06)

	School grades Year 1  School climate Year 2
	 .01 (.03)

	School grades Year 2  School climate Year 3
	 .01 (.03)

	School climate Year 1  School grades Year 2
	 .09 (.03)**

	School climate Year 2  School grades Year 3
	 .09 (.03)**

	Minor infraction suspensions Year 1  School grades Year 2
	-.07 (.03)*

	Minor infraction suspensions Year 2  School grades Year 3
	-.07 (.03)*

	School grades Year 1  Minor infraction suspensions Year 2
	-.03 (.06)

	School grades Year 2  Minor infraction suspensions Year 3
	-.03 (.06)

	Covariation between latent growth factors 
	

	Intercept School climate  Intercept School grades 
	 .03 (.00)***

	Intercept School climate  Slope School grades
	 .00 (.00)

	Intercept Grades  Slope School grades
	 .00 (.00)

	Model fit: 2 (182) = 211.28, p = ns, RMSEA .01 [.00, .02], CFI .95, SRMR .15

	Note: * p < .05, ** p <  .01, *** p <.001. 






	Table SI7
Statistical Fit Indices & Unstandardized Parameter Estimates, β (S.E.) by Different Models of Change for Key Constructs among African American Youth (n = 818)

	
	Minor infraction suspensions
	School 
climate
	School
grades

	Univariate Autoregressive Model
	
	
	

	RMSEA, 90% CI
	0.00 [.00, .00]
	0.05 [.04, .05]
	0.07 [.02, .14]

	CFI
	1.00
	0.94
	.99 

	SRMR 
	0.00
	0.08
	.05

	Path T1 T2; β (SE)
	  .29 (.04)***
	0.73 (.03)***
	.52 (.13)***

	Path T2 T3; β (SE)
	0.67 (.17)***
	0.73 (.03)***
	.52 (.13)***

	Latent Intercept Model
	
	
	

	RMSEA, 90% CI 
	0.04 [.00, .07]
	0.04 [.04, .05]
	0.02 [.00, .06]

	CFI
	0.95
	0.95
	0.99

	SRMR 
	0.05
	0.07
	0.05

	Intercept – Fixed β (S.E.)
	0.12 (.02)***
	0.00 (.00)
	2.57 (.16)***

	Intercept – Random β (S.E.)
	0.02 (.00)***
	0.30 (.04)***
	0.48 (.11)***

	Latent Growth Curve Model
	
	
	

	RMSEA, 90% CI 
	.00 [.00, .09]
	0.06 [.05, .08]
	0.00 [.00, .00]

	CFI
	1.00
	0.93
	1.00

	SRMR 
	0.00
	0.07
	0.00

	Intercept – Fixed β (S.E.)
	0.11 (.03)**
	0.00 (.00)
	2.64 (.15)***

	Intercept – Random β (S.E.)
	0.04 (.01)***
	 -.10 (.03)***
	0.81 (.04)***

	Slope – Fixed β (S.E.)
	0.01 (.02)
	0.43 (.08)***
	 -.06 (.05)

	Slope – Random β (S.E.)
	0.00 (.00)
	0.07 (.03)*
	  .10 (.03)***

	Intercept & Slope Random β (S.E.)
	 -.01 (.00)**
	 -.09 (.04)*
	 -.18 (.05)***

	Notes: * p < 0.05, ** p < 0.01, *** p <.001. Latent growth curve model = Single latent trajectory as indicated by the fixed and random effects for the slope.




